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ABSTRACT
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YouTube; Big Data Analytics industry has triggered an emotional public response, especially when the
event involves figures who have built close relationships with audiences.
This study aims to analyze public sentiment towards the viral farewell
moment of KompasTV presenter Gita Maharkesri, as a symbol of the
humanitarian crisis in the media workplace. Data was collected from
2,238 user comments on the Antaranews YouTube video using a crawling
technique using the YouTube Data API v3 and analyzed using a Python-
based Big Data Analytics approach in Google Colab. The results show
that the majority of comments are neutral (73.1%), followed by positive
comments (14.1%) and negative comments (12.8%). Positive comments
reflect a strong parasocial relationship, characterized by words such as
"semangat," "terima kasih," and "terembus," while negative comments
are often critical of the media presentation, with keywords such as
"exaggerated," "PHK," and "bohong." The temporal distribution shows a
spike in interactions in the first two days after the video aired, then a
gradual decline. Correlation analysis between words reveals clusters of
discourses of empathy and criticism coexisting. This study concludes that
public responses to media layoffs are not merely emotional but also
reflect a social awareness of job instability in the digital age. These
findings underscore the importance of ethical and empathetic crisis
communication in the new media landscape and demonstrate the crucial
role of sentiment analysis as a tool for understanding collective public
opinion.

1. Introduction

In the last decade, the global media industry has undergone significant transformation due to
digitalization and changes in information consumption behavior (Abdullah, 2020, 2021a; Enli et al.,
2019; Enli & Syvertsen, 2016). The development of digital technology has shifted audience
preferences from conventional media to digital platforms (Abdullah et al., 2025). This condition has
led to a decline in advertising revenue and forced many media companies to make efficiency,
including mass layoffs (Kholili et al., 2024; Yessenbekova, 2018; Abdullah, 2021b; Born, 2003;
Pecheranskyi et al., 2023; Tapsell, 2015; Vazquez-Barrio et al., 2021). Even according to According
to the Indonesian Press Council, at least 1,200 media workers were laid off between 2023 and 2024,
and there will reportedly be more layoffs at major media outlets such asKompas TV, CNN Indonesia,
Republika,andTVRI (Fauziah & Fikri, 2025)
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This phenomenon is not only happening in developed countries, but also in Indonesia, where
several major media companies have announced layoffs in response to economic pressures and
changes in the media landscape (Indra, 2025; IFJ, 2020; Puspa, 2024).

One of the cases that attracted public attention was the mass layoffs at Kompas TV in early 2025,
which was marked by the emotional moment of farewell of presenter Gita Maharkesri (Tomorrow,
2025; Subaharianto, 2025). The farewell video went viral on the YouTube platform, sparking a wave
of empathy and discussion on social media (ANTARA News, 2025). The public's reaction to this
event reflects the emotional closeness between the audience and media figures, and shows how
digital media has become a space for people's collective expression of social issues (Cohen &
Holbert, 2021; Horton & Richard Wohl, 1956; Houston et al., 2019; Jayus et al., 2025; Liebers &
Schramm, 2025).

The emotional closeness between the audience and the media figure is known as the parasocial
relationship, which is a one-way relationship formed through regular interactions between the
audience and the media figure (Gregg, 2018). In the digital context, this relationship is increasingly
intensified because the audience can interact directly through comments, likes, and shares (Johnson
& Lee, 2023). Studies show that parasocial relationships can influence audience perceptions and
behaviors, including in response to events that befall their favorite media personalities (Sumaiyah et
al., 2025; Cohen, 2006; Cohen & Holbert, 2021; Dibble et al., 2016; A. M. Rubin et al., 1985)

Sentiment analysis of audience comments on digital platforms, such as YouTube, is an effective
method for understanding the public's emotional response to certain events. This technique allows
researchers to identify patterns of emotions, opinions, and perceptions that develop in society
(Chalkias et al., 2023). Several studies have applied sentiment analysis to evaluate public reactions
to social issues, including layoffs, using a variety of approaches, such as lexicon-based and machine
learning (Abdullah et al., 2025; Abiola et al., 2023; Cheng et al., 2023; Diantoro et al., 2023)

Although sentiment analysis has been widely used in various contexts, research that specifically
examines public responses to layoffs in the Indonesian media industry through digital platforms is
still limited. Most studies focus on news analysis or data from platforms such as Twitter, while
YouTube as a rich source of data on audience comments has not been explored much in this context
(Bagach & Battou, 2023; Chungiong et al., 2025; Sukmayadi, 2019; Widyatama et al., 2025; Yu &
Yang, 2024)

In addition, studies on the emotional impact of layoffs on media figures and how it affects
parasocial relationships with audiences are also still minimal. In fact, understanding these dynamics
is important to design effective communication strategies in dealing with crises in the media industry.
Previous research has shown that termination of a media personality can trigger a strong emotional
reaction from the audience, which in turn can affect the image and reputation of a media company
(Gabriel et al., 2018; Cohen & Holbert, 2021; Rubin et al., 1985).

In the Indonesian context, where the media has an important role in shaping public opinion,
understanding the emotional response of audiences to layoffs in the media industry is becoming
increasingly relevant. Moreover, with the increasing use of digital media, platforms such as YouTube
have become the main space for people to express their opinions and emotions on social issues
(Wollmer et al., 2013; Razali et al., 2021; Sahut et al., 2022)

Therefore, this study aims to analyze public sentiment towards layoffs in the Indonesian media
industry, focusing on the Kompas TV case and the viral farewell video of Gita Maharkesri on
YouTube. Using sentiment analysis techniques on audience comments, this study will identify
patterns of emotions and opinions that develop, as well as evaluate how parasocial relationships
influence the public's response to the event (Bond & Calvert, 2014; Breves & Van Berlo, 2025;
Horton & Richard Wohl, 1956; Liebers & Schramm, 2025; Ravi & Patki, 2025; Xu et al., 2023).

The results of this research are expected to contribute to understanding the dynamics of the
relationship between media and audiences in the digital era, as well as provide insight for media
companies in designing communication strategies that are more empathetic and responsive to crises.
In addition, this research can also serve as a basis for future studies that want to explore more about
parasocial relationships and public emotional responses to social issues on digital platforms (Auter
& Palmgreen, 2000; Cohen, 2006; Cohen & Holbert, 2021; Dibble et al., 2016; R. B. Rubin &
McHugh, 1987).
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Thus, this research not only contributes to the development of communication science and
sentiment analysis, but also has practical implications for the media industry in facing challenges in
the digital age full of dynamics and complexity (Abdullah, 2020, 2021b, 2021a).

2.Method

This study adopts a Big Data Analytics approach with a focus on Sentiment Analysis to
understand the public response to layoff events in the media industry, specifically audience
comments on a video titled "Kompas Sport Pagi Pamit, tangis Presenter mengiringi Perpisahan
(Kompas Sport Pagi Goodbye, Presenter's Tears Accompany Farewell)" on the ANTARANEWS
YouTube channel (ANTARA News, 2025). Comment data is collected using the YouTube Data API
v3 in a Google Colab environment based on the Python programming language. This scraping
technique has proven effective in collecting large numbers of comments from YouTube videos for
public opinion analysis (Adhikari et al., 2023; Alsanoosy & Alqarni, 2023; George & Baskar, 2024;
Lee & T. N. Nguyen, 2023a; Li et al., 2018; Nahas et al., 2024; Sui, 2022; Surana et al., 2026;
Thakkar & Patel, 2015).

Table 1. Source of Datasets

Content Title Platform Subscribe Comment Viewers
Kompas Sport Pagi Pamit, tangis www.youtube.com/ 203 2238 812 K
Presenter mengiringi Perpisahan (@antaranews thousand

(Kompas Sport Morning Goodbye,
Presenter's  Cry  Accompanies
Farewell)

Furthermore, a dataset of 2,238 comments was processed in Google Colab with Python scripts
using various libraries for crawling and sentiment analysis (Google Colab, 2026). Pre-processing
includes text cleanup, normalization, tokenization, and feature extraction using NLP techniques.
Sentiment analysis is carried out through lexicon-based methods such as VADER or TextBlob as
well as light machine learning such as Naive Bayes, SVM, and Random Forest, which were
previously used in YouTube or social media studies with high-accuracy results (Jayus et al., 2025;
Kumar & Agrawal, 2026; Mustakim et al., 2021; Lee & T. N. Nguyen, 2023b; Qi & Shabrina, 2023;
Ribeiro et al., 2016; Saifullah et al., 2021; Thakkar & Patel, 2015).

Table 2. Python Library

Yes Library Python Functions in the Methodological Process

1 googleapiclient.discovery Access YouTube Data API v3 for video comment
scraping (Google for Developers, 2026; Li et al., 2018)

2 Pandas Store and manage comment datasets in DataFrame
format

3 nltk, Literary Text pre-processing: tokenization, stop-word removal,
Indonesian stemming

4 fatherSentiment / TextBlob  Lexicon-based sentiment analysis (positive-negative-
neutral) on English/Indonesian comments

5 Scikit-Learn Machine learning implementation for sentiment
classification: Naive Bayes, SVM, Random Forest

6 matplotlib, seaborn, Visualization of sentiment distribution, wordcloud of

wordcloud dominant topics, and comment data patterns

Validity and reproducibility are maintained with complete documentation in the Google Colab
notebook. The visualization of the results of the analysis was carried out using Python libraries such
as matplotlib, seaborn, and wordcloud, which are commonly used in social media big data research
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to explore the distribution of sentiment and word patterns (George & Baskar, 2024; Lee & T. N.
Nguyen, 2023b; Li et al., 2018; Hajiali, 2020; El Alaoui et al., 2018).

3. Result and Discussion

3.1. Distribution of Public Sentiment towards Presenter Farewell Video

Normative analysis of 2,238 comments on the farewell video of KompasTV presenter Gita
Maharkesri shows that the majority of comments are classified as neutral, which is 1,636 comments
or around 73.1% of the total comments analyzed. Meanwhile, positive comments amounted to 315
comments (14.1%) and negative comments were recorded as many as 287 comments (12.8%). This
distribution shows that even though the video touches on the emotional aspect, most of the audience
chooses to give responses that are informative, normative, and even emotionally ambiguous.
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Figure 1. Distribution of Public Comment Sentiment on KompasTV's Layoff

These findings are in line with research Yu & Yang (2024) which states that in social events with
a high emotional dimension, the distribution of public sentiment tends to remain dominated by
neutral comments due to the existence of social norms in digital public spaces that prioritize
objectivity or mere passive observation without explicit opinions. However, the relatively balanced
number of positive and negative comments indicates a split audience response to this phenomenon,
a pattern that was also observed in the study (Gabriel et al., 2018) when the public responds to
media figures who have experienced a change in professional status emotionally.

Positive comments that appear in the data generally contain keywords such as "terharu
[overwhelmed]”, “terimakasih [thank you]”, “semangat [Enthusiasm]", and "sukses [Success]",
which reflects a form of emotional support and empathy towards the presenter. This reinforces the
concept of parasocial relationships explained by Horton & Richard Wohl (1956), where audiences
experience an emotional attachment to media figures through repetitive one-way interactions. Study
Cohen & Holbert (2021) adding that the intensity of this parasocial relationship can be the main

determinant of the emergence of positive sentiments in the context of separation or crisis.
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Figure 2. Screenshot of Antara News Y outube Channel

On the other hand, negative comments indicate dissatisfaction, cynicism, and criticism of media
companies. Words like " lebay [overacting]", "bohong [lie]", "sedih [sad]", and "PHK [layoff]"
dominate this category. This shows that some audiences not only respond emotionally to presenters
but also make critical assessments of media management policies. This suggests that responses to
events such as media layoffs are not monolithic, but rather complex and layered as described in the
affective communication approach in digital media studies (Eyal & Cohen, 2006; Liebers &
Schramm, 2025).

The relatively balanced distribution between positive and negative comments also indicates the
existence of a discourse dynamic that not only revolves around empathy for individuals but also
encompasses the systemic aspects of the media industry. In this context, sentiment analysis serves
not only as a quantitative tool, but also as an early indicator of the climate of public opinion towards
employment practices in the media, particularly in the era of digital transition and economic crisis.

3.2. KompasTV Presenter and Netizens, Emotional Response

One of the most prominent findings in the analysis of public comments on the viral farewell video
of KompasTV presenter Gita Maharkesri was the many expressions of empathy, emotion, and
emotional attachment from the audience. In the positive comments category, various expressions
such as "semangat selalu mbak Gita [a passion for Gita],”, “terharu sampai nagis [overwhelmed to
the point of crying]", and "terimakasih sudah menemani pagi saya selama ini [Thank you for
accompanying me in the morning all this time]" shows that the presenter is not just a conveyor of
information but has formed a symbolic and emotional relationship with the public. This reflects the
power of parasocial relationships, which are one-way relationships between audiences and media
figures that feel real even though they are not direct (Cohen, 2006; Horton & Richard Wohl, 1956;
Liebers & Schramm, 2025).
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Figure 3. World Cloud Positive Comments for KompasTV Presenters

This closeness is also driven by the intensity of presenters' presence in the audience's private space
over the years, especially through daily programs such as "Kompas Sport Pagi”. In the context of
television media, repetition and consistency of the figure on screen create the illusion of interpersonal
relationships. Cohen & Perse, (2003) It is said that parasocial relationships can have an emotional
effect equivalent to real relationships, especially when there is a separation, loss, or crisis. In this
study, many commenters conveyed a sense of loss as if they knew Gita personally, as in the
comments " aku ngerasa ditinggalin sahabat pagi-pagi [1 felt like 1 had left my friend early in the
morning]”.

In addition to the aspect of emotional connectedness, public comments also reflect a sense of
solidarity with the conditions that befell the presenters. In many comments, there are narratives that
link the experience of termination to the broader economic reality, such as in the phrase "semoga
mendapatkan pekerjaan lebih baik [hopefully get a better job], “PHK itu pahit [layoffs are bitter]"
or "banyak orang baik di-rumahkan, sedih [many good people have to be laid off, sad]". This shows
that audiences not only respond in terms of personal relationships but also have social awareness of
structural injustices in the media industry. This kind of response confirms that parasocial
relationships can be triggers for social empathy and collective solidarity (Dibble et al., 2016; Giles,
2002; A. M. Rubin et al., 1985; R. B. Rubin & McHugh, 1987)

This phenomenon is reinforced by the findings Gabriel et al., (2018), which shows that emotional
engagement with media figures in the digital age is not limited to entertainment, but can be strongly
embedded in political, economic, and even employment contexts. In these cases, the public not only
responds to individual grief, but also voices collective grievances against the increasingly unstable
world of work. This means that the presenter's tears serve as an emotional symbol of a larger crisis
in the media industry and the netizens' response is an expression of personal connectedness as well
as structural solidarity.

The emotional response to Gita Maharkesri reflects the dual function of media figures in the
digital society: as an object of personal attachment as well as a symbol of the suffering of the working
class in an unstable industry. This reaction puts the presenter in a broader symbolic position than just
a laid-off worker, but as an emotional touchpoint of a public experiencing collective unease over
deteriorating working conditions.

3.3.Dominant Keywords in Positive and Negative Comments

Analysis of the dominant words in public comments classified as positive shows that netizens
explicitly express their support and empathy for KompasTV presenter, Gita Maharkesri. Words like
"semangat [Enthusiasm]”, “terharu [overwhelmed]”, “terimakasih [Thank you]”, “hebat [Great]",
and "sukses [success]" appears with high frequency in Word Cloud. The dominance of these words
confirms that the majority of positive comments emphasize appreciation for the presenter's
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dedication and the sense of loss over his passing. In the context of parasocial relationships, these
words reflect the form of symbolic interaction between the audience and the media figures that they
consume on a regular basis (Cohen & Perse, 2003; Horton & Richard Wohl, 1956; Liebers &
Schramm, 2025)

On the other hand, analysis of negative comments shows the appearance of words such as "lebay
[Overacting]”, “bohong [Lie]”, “sedih [Sad]”, “PHK [Layoff]", and "basi [Stale]”. Prahse as "lebay
[Overacting]”, “bohong [Lie]” is widely used to respond to the presenter's emotional expression,
suggesting that some audiences consider the aired breakup moment too dramatic or even questionable
in its authenticity. While the word " PHK [Layoff]" and “sedih [Sad]” arises in the context of
criticism of media management and empathy for the condition of affected workers. These words
reflect the existence of a dimension of structural criticism behind public expression, where the
audience not only responds to the personality of the presenter, but also voices dissatisfaction with
the work system in the media industry (Ali et al., 2023; Gabriel et al., 2018; Yu & Yang, 2024).

Word Cloud Komentar Positif terhadap Presenter KompasTV Word Cloud Komentar Negatif terhadap Presenter KompasTV
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Figure 4. Wordcloud Positive and Negative Comments on Kompas TV Presenter

The presence of the word " PHK [Layoff]" in both poles of sentiment confirms that the issue of
termination of employment is at the center of public discourse. In positive comments, this word
appears in sentences with a tone of sympathy and solidarity, such as "semoga tetap semangat
meskipun kena PHK [Hopefully keep your spirits up despite being laid off]”; While in negative
comments, this word is often juxtaposed with criticism such as " lebay banget cuma karena di-PHK
[It's just too bad to be slacking off]”. This shows that sentiment towards layoffs is ambivalent, can
be a source of empathy and cynicism, depending on the ideological position and personal affection
of the audience towards the figure in question (Dibble et al., 2016; Eyal & Cohen, 2006)

These findings are in line with the concept of emotional affordance in digital platforms, where
audiences are not only consumers of information, but also producers of emotions through comments
that can sow collective resonance (Papacharissi, 2015). In this case, comments with empathic
keywords can trigger a wave of solidarity, while cynical comments can trigger counter-discourse.
This pattern reflects the complexity of digital public spaces that are not singular in interpreting
events, but are always plural, fluid, and full of emotional nuances influenced by various social,
psychological, and political factors.

The dominant words in public commentary are not just linguistic elements, but also indicators of
the structure of social feelings formed in the context of the media crisis. Word Cloud is an effective
visual tool for representing the collective emotional configuration of the public, which in this study
reflects the mix of parasocial relationships, working-class empathy, and structural criticism of the
increasingly fragmented media world.

3.4. Comment Time Distribution and Interaction Peaks

In the context of digital media, time is an important variable in reading the pattern of public
engagement on issues that touch the emotional realm. The viral phenomenon that accompanied the
farewell of KompasTV presenter, Gita Maharkesri, was not only marked by the high number of
comments, but also by the rhythm of its distribution within a certain period of time. Therefore,
analysis of the distribution of comment time is crucial to understand how the public response to this
media layoff event is formed, spread, and finally subsided. A graph of daily interactions gives a clear
picture of when audiences are most actively expressing their reactions, as well as how these
emotional dynamics are taking place within a specific time frame.
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Figure 5. Distribution of Comment Time and Peak of interaction

Analysis of the temporal distribution of comments on the KompasTV presenter's farewell video
shows a typical pattern of public engagement from the viral content phenomenon. A graph of
interactions by date shows that comments peaked in the first one to two days after the video was
uploaded to the ANTARANEWS YouTube channel. After that peak period, there was a sharp decline
in the number of daily comments, which continued to decline in the following days. This pattern
indicates that public emotions in responding to this kind of content are reactive, fast, and centralized
in a short period of time.

This finding is in line with the concept of affective temporal burst put forward by Papacharissi
(2015), which is a condition when content that touches public emotions will trigger very high
engagement in a short period of time, and then slowly subside as public attention shifts to new issues.
In this context, a video that touches on the human side like the tears of a laid off presenter quickly
becomes an emotional flashpoint that prompts thousands of people to respond through digital
commentary. Study Marwick & Boyd (2011) It also shows that audience engagement with public
figures on social media platforms tends to be moment-based, rather than sustainable.

The public's tendency to respond directly emotionally in the near future after a video is uploaded
also reinforces the argument that the relationship between audiences and media figures is dynamic
and heavily influenced by the momentum of actuality (Abidin, 2018). In this case, the emotional
closeness that the audience has to presenter Gita Maharkesri is expressed through comments in a
time very close to the events of her last broadcast. As stated in the theory of emotion-based
communication, emotional contagion can spread quickly through digital media and create a pattern
of collective engagement that is temporary but intense (Ferrara & Yang, 2015; Wilkie et al., 2026;
Coviello et al., 2014)

Interestingly, although the intensity of interactions decreased within a few days after the peak of
virality, the graph shows that comments remained in small numbers over the next few days. This
suggests that even though the viral effects are short-lived, the emotional footprint of the video
remains and resonates with a portion of the audience who may have just watched the content on a
delayed basis. This corroborates the findings Lu & Hong (2022) that the affective traces of viral
content can survive and create a long tail effect in the context of digital social interaction.

The temporal distribution of commentary on this video not only reveals the rhythm of public
engagement but also provides an important understanding of how society responds to the personal
crises experienced by media figures in a fast-paced digital landscape. The peak of interaction is a
reflection of the emotional dispersion of the content, while the distribution tail hints at the persistence
of the collective memory of the issue, albeit on a smaller scale.

Abdullah, et al. (When Newsroom Tears Go Viral: A Sentiment Analysis of Public Response to Media Layoffs in
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3.5.Heatmap Correlation Between Words and Discourse Patterns

In the study of digital communication, it is important to not only observe sentiment quantitatively,
but also to understand how interrelated words form collective meaning in the comment space. One
approach that can uncover this dynamic is through the analysis of correlations between words, which
are visualized in the form of heatmaps. This technique allows researchers to see thematic clusters
that emerge from the frequency and relevance of words used by the public, while uncovering the
discourse structures hidden behind individual comments. With this approach, we can track the pattern
of how the public builds narratives, express emotions, and formulates opinions communally in
response to the issue of viral media layoffs.

Heatmap Korelasi Antar Kata dalam Komentar Publik
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Figure 6. Heatmap Correlation between words in public comments

The visualization in the form of a correlation heatmap between words provides in-depth insight
into the structure of public discourse in response to the layoff of KompasTV presenters. From the
results of the analysis, it can be seen that there are a number of words that consistently appear together
in comments, forming a cluster of meanings that mark certain topics or nuances in public
conversation. For example, the word "PHK [layoffs]" shows a strong correlation with words like
"kerja [work]," "sedih [sad]," and "kasihan [pity]," suggesting a realm of discourse centered on
empathy for the plight of workers who have lost their jobs.

On the other hand, there are also groups of words such as "ferima [receive]", "kasih [love]",
"presenter [presenter|", and "Kompas" that are correlated with each other, forming an appreciative
narrative of the figure of Gita Maharkesri and the programs that she has been presenting. This shows
that public comments are not only reactive but also contain a dimension of genuine appreciation for
the presenter's contributions. This cluster is a representation of parasocial discourse that is full of
emotions and attachment (Cohen & Perse, 2003; Horton & Richard Wohl, 1956)

This correlation pattern confirms that the comments that emerge are not stand-alone entities, but
rather part of a network of collective meanings. Words not only serve as individual expressions, but
also as social constructs that spread and reinforce each other. In this context, the heatmap functions
like a semantic map that shows the path of the spread of public opinion ranging from empathy,
criticism, to a sense of loss all mixed in one digital discourse space (Gerlitz & Rieder, 2013;
Papacharissi, 2015)

Correlation also indicates the existence of narrative tension. For example, the emergence of a
relationship between the words "bohong [lie]", "lebay [Overacting]", and "drama [drama]", which
tends to mark cynical discourses and skepticism of the authenticity of emotional expressions in the
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video. This shows how the public not only voices solidarity but also questions the motives and
framing of the media. This finding is in line with the concept of discursive contestation Wodak
(2009), where the dominant narrative can be refuted by counter-narratives in the social media space.

The word correlation heatmap helps uncover patterns of emotional connectedness and meaning
in digital discourse and confirms that the public's response to media layoffs is no single, but rich,
complex, and polarized. This technique also expands the role of sentiment analysis from mere
measurement of affection to the mapping of collective discourse, which is essential in contemporary
communication studies.

3.6. Social Implications of Public Reaction to Media Layoffs

Layoffs in the media industry are not only an internal issue for the company, but also trigger a
wide public reaction, especially when it involves media figures who are widely known to the public.
In the case of the breakup of KompasTV presenter Gita Maharkesri, the public response was not only
in the form of emotional sympathy but also contained a deeper social dimension. Through thousands
of comments poured out on the YouTube platform, the public not only voiced their feelings, but also
showed a collective awareness of the instability of work and structural conditions in the media
ecosystem. It is therefore important to further examine the social implications of this phenomenon in
the context of digital communication and the relationship between media, audiences, and
contemporary work systems.

Tren Komentar Positif dan Negatif terhadap Video PHK Presenter KompasTV
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Figure 7. Trends of Positive and Negative Comments on Kompas TV Presenter Videos

The public reaction to Gita Maharketri's farewell video not only reflects an emotional individual
expression but also shows the structure of social solidarity in the face of the employment crisis in the
media industry. The phenomenon of empathic comments that flooded the viral video reflected the
community's collective awareness of the vulnerability of media workers' positions, as well as voicing
criticism of the work system that was considered unfair. In this context, digital platforms act as a
space for public expression that allows feelings of loss, empathy, and cynicism towards media
management to manifest openly and massively (Marwick & Boyd, 2011; Papacharissi, 2015).

The positive comments that are full of support and appreciation show that media figures like Gita
Maharkesri are not only seen as professional presenters, but also as representatives of the humanist
face of the world of work that is being threatened by digital disruption and corporate efficiency.
When the public writes "semangat terus Mbak Gita [Keep spirit, Gita] " or "Terimakasih sudah
menemani pagi kami selama ini [Thank you for accompanying us in the morning all this time]", they
not only greet individuals, but also maintain personal meaning in an increasingly impersonal work
structure. This shows that parasocial relationships are not only a matter of media psychology, but
also a support for digital solidarity in an unstable work era (Cohen, 2006; Giles, 2002).

Instead, negative comments that contain words such as " lebay [Overacting]”, “Drama", or
"Stale", and “basi [Stale]”, indicates resistance to the emotional narrative presented by the media.
This shows that not all the public internalizes the separation narrative in the same way. Some see it
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as an exaggerated construction of the media, and some even voice dissatisfaction with the news
structure that is considered manipulative. This phenomenon illustrates the fragmentation of emotions
in the digital public space, where sympathy and cynicism can coexist in a single thread of discussion
(Chouliaraki, 2006; Wodak, 2009).

The social implications of this phenomenon are very important for the world of communication,
especially in the context of the sustainability of the media industry. The public response to the layoff
event is an indicator of public trust in media institutions, as well as underlining the importance of
building crisis communication that focuses not only on corporate reputation, but also on the empathic
and humanitarian dimensions. In addition, this reaction shows that the public is now increasingly
literate about employment practices in the media industry and is ready to voice their dissatisfaction
directly in the digital space (Ferrara & Yang, 2015; Yu & Yang, 2024).

The public reaction to the layoff of the KompasTV presenter became more than just a momentary
emotional response. It is a reflection of the growing social consciousness in the digital media
ecosystem, which is influenced by affective relations, the value of justice, and the sophistication of
technology platforms. For the media industry, this phenomenon serves as a reminder that any policy
that impacts human capital will not only be recorded by internal media, but will also be responded
to, tested, and reinterpreted by the public through millions of meaningful digital comments.

3.7.Public Discourse Mapping: Scatter Comment Plots Based on Sentiment

The two-dimensional scatter plot visualization based on Principal Component Analysis (PCA)
provides a comprehensive spatial mapping of the representation of public comments related to the
viral moment of the KompasTV presenter's farewell. Each point in this scatter plot represents a single
netizen's comment, which has been processed through TF-IDF vectorization transformation and then
reduced in dimension to two main components using PCA. The color of the dots reflects sentiment:
green for positive, red for negative, and gray for neutral.
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Figure 8. Comment Distribution Based on Comments

The results of this visualization not only show the dissemination of data but also reveal the
structure of discourse that is organically formed in the digital space. Although neutral comments
dominate quantitatively, their distribution appears to be evenly distributed throughout the vector
space. This suggests that neutral comments have a wider variety of vocabulary and semantics, which
may include factual expressions, mild observations, or non-emotional reactions. In contrast, the
positive comment cluster looks more consolidated and forms a relatively dense cluster. This indicates
the similarity of emotions and language used by users in expressing empathy, appreciation, and moral
support to presenters affected by layoffs.
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On the other hand, negative comments appear to be more widespread and form several different
sub-clusters. This shows the heterogeneity of public criticism, ranging from satire against media
management, accusations of excessive dramatization, to expressions of distrust of the narrative
conveyed. This variation reflects the diverse motives and intentions of criticism, which are not
always destructive, but also loaded with an evaluative dimension to media institutions and work
culture in the digital age.

Conceptually, this scatter plot emphasizes that public sentiment does not emerge in a vacuum, but
rather as part of a collective and complex structure of social discourse. The PCA technique helps
extract latent patterns in the comment data, which are not always visible through ordinary linear
readings. Thus, this approach not only illustrates the intensity of sentiment, but also maps a vivid and
dynamic narrative landscape within the digital space after important events such as media layoffs.

In the context of digital communication studies, these results are relevant to understand how
collective emotions and framing discourses are formed spontaneously and spread through social
networks. This scatter plot becomes a visual symbol of the interaction between opinions, algorithms,
and public empathy in forming a common opinion. This is in line with previous findings on the
importance of sentiment analytics as a tool to explore the dynamics of public opinion in depth in an
era of intense digital connectivity.

4. Conclusion

This research reveals that the viral phenomenon of the farewell of KompasTV presenter, Gita
Mabharkesri, is not just an ordinary media event, but a symbol of the emotional and social turmoil felt
by the public towards the dynamics of employment in the media industry. Through an analysis of
2,238 public comments on the ANTARANEWS YouTube channel, it was found that the majority of
comments were neutral, but positive and negative comments appeared in significant numbers and
contained emotions, solidarity, criticism, and resistance to the reality of media layoffs.

The distribution of sentiment shows a strong empathic reaction to the presenter figure, which is
reinforced by the parasocial relationship between the audience and the media figure. Pharase such as
"semangat [Enthusiasm]”, “terharu [overwhelmed]”, “ferimakasih [Thank you]”, dominated
positive comments, while negative comments showed the emergence of narratives such as lebay
[overacting]", "bohong [lie]", "sedih [sad]", and "PHK [layoff]” that contained criticism of the
presentation of emotions and media management policies. This pattern confirms that public discourse
is not singular, but rather complex and often contradictory.

Temporal analysis shows that the public reaction was intense in the early days of the video's
release, illustrating the rapid and massive nature of emotional engagement. Although interactions are
gradually declining, the response has left a significant footprint in the digital public space. The word
correlation heatmap also shows the existence of clusters of meaning and discourse, such as word
groups that form empathetic narratives and groups that mark cynicism towards the media.

The social implications of this phenomenon are very important. Today's digital society is not only
a passive spectator, but also an active actor who helps build discourse and convey a collective voice
on employment issues and structural justice. The layoffs of media figures are no longer an internal
issue, but a public issue that triggers solidarity and criticism simultaneously, which is recorded and
spread through social media widely.

In the end, this study emphasizes that big data-based sentiment analysis can not only capture
public emotions but also reveal the structure of social meaning in digital discourse, as well as being
a reflection tool for the media industry in building more humane communication in the midst of
ongoing digital transformation.

5. References

Aban, R. (2025). Air Mata Perpisahan Presenter Kompas TV Efisiensi atau Akhir Era? suara.com.
https://www.suara.com/video/2025/05/06/142910/air-mata-perpisahan-presenter-kompas-tv-
efisiensi-atau-akhir-era

Abdullah, et al. (When Newsroom Tears Go Viral: A Sentiment Analysis of Public Response to Media Layoffs in
Indonesia)



ISSN 2988-5523 Proceeding Jogjakarta Communication Conference 704
Volume 4, No 1, pp. 692-710

Abdullah, A. (2020). Pola Kebijakan Digitalisasi Penyiaran di Indonesia. ARISTO, 8(1), 76.
https://doi.org/10.24269/ars.v8i1.2263

Abdullah, A. (2021a). Jalan Terjal Penyiaran Digital. Harian Pagi Riau Pos.
Abdullah, A. (2021b). Menakar Kebermanfaatan Siaran Digital. Harian Pagi Riau Pos.

Abdullah, A., Yefni, Y., Yazid, Y., Astuti, D. S., Edison, E., Soim, M., & Khairi, A. (2025). From
Query to Communication: A Data-Driven Study of Indonesians Google Search Behavior.

Proceeding Of International Conference on Communication and Media Digital, 2(1), 840—
857.

Abidin, C. (2018). Internet Celebrity: Understanding Fame Online. Emerald Publishing Limited.
https://doi.org/10.1108/9781787560765

Abiola, O., Abayomi-Alli, A., Tale, O. A., Misra, S., & Abayomi-Alli, O. (2023). Sentiment
analysis of COVID-19 tweets from selected hashtags in Nigeria using VADER and Text Blob

analyser. Journal of FElectrical Systems and Information Technology, 10(1), 5.
https://doi.org/10.1186/s43067-023-00070-9

Adhikari, S., Kaushik, R., Obaid, A. J., Jeyalaksshmi, S., Balaganesh, D., & Hanoon, F. H. (2023).
YouTube Sentimental Analysis Using a Combined Approach of KNN and K-means Clustering
Algorithm. In S.-L. Peng, N. Z. Jhanjhi, S. Pal, & F. Amsaad (Eds.), Proceedings of 3rd
International Conference on Mathematical Modeling and Computational Science (Vol. 1450,
pp- 37-50). Springer Nature Singapore. https://doi.org/10.1007/978-981-99-3611-3 4

Ali, M. F., Irfan, R., & Lashari, T. A. (2023). Comprehensive sentimental analysis of tweets towards
COVID-19 in Pakistan: A study on governmental preventive measures. PeerJ. Computer
Science, 9, ¢1220. https://doi.org/10.7717/peerj-cs.1220

Alsanoosy, T., & Algarni, A. (2023). YouTube Sentiment Analysis: Performance Model Evaluation.
In W. M. S. Yafooz, H. Al-Aqgrabi, A. Al-Dhaqm, & A. Emara (Eds.), Kids Cybersecurity
Using Computational Intelligence Techniques (Vol. 1080, pp. 269-282). Springer
International Publishing. https://doi.org/10.1007/978-3-031-21199-7 19

ANTARA News (Director). (2025, April 30). Kompas Sport Pagi pamit, tangis presenter
mengiringi perpisahan [Video recording].
https://www.youtube.com/watch?v=JmeJL2wLoaw

Auter, P. J., & Palmgreen, P. (2000). Development and validation of a parasocial interaction
measure: The audience-persona interaction scale. Communication Research Reports, 17(1),
79-89. https://doi.org/10.1080/08824090009388753

Bagach, A., & Battou, A. (2023). CLAS: A new deep learning approach for sentiment analysis from
Twitter data.  Multimedia  Tools and  Applications, 82(30), 47457-47475.
https://doi.org/10.1007/s11042-023-15784-1

Bond, B. J., & Calvert, S. L. (2014). Parasocial Breakup Among Young Children in the United
States. Journal of Children and Media, 8(4), 474-490.
https://doi.org/10.1080/17482798.2014.953559

Born, G. (2003). Public Service Broadcasting and Digital Television in the UK. In Broadcasting
and Convergence: New Articulations of the Public Remit (pp. 205-221). Nordicom.

Abdullah, et al. (When Newsroom Tears Go Viral: A Sentiment Analysis of Public Response to Media Layoffs in
Indonesia)



ISSN 2988-5523 Proceeding Jogjakarta Communication Conference 705
Volume 4, No 1, pp. 692-710

Breves, P. L., & Van Berlo, Z. M. C. (2025). Making and Breaking Parasocial Relationships with
Human and Virtual Influencers: An Experience Sampling Study. Media Psychology, 1-29.
https://doi.org/10.1080/15213269.2025.2558029

Chakrabarty, D., Chatterjee, S., & Mukhopadhyay, A. (2026). A global twitter sentiment analysis
model for COVID-vaccination. Scientific Reports, 16(1), 9005.
https://doi.org/10.1038/s41598-026-38553-0

Chalkias, 1., Tzafilkou, K., Karapiperis, D., & Tjortjis, C. (2023). Learning Analytics on YouTube
Educational Videos: Exploring Sentiment Analysis Methods and Topic Clustering.
Electronics, 12(18), 3949. https://doi.org/10.3390/electronics12183949

Chandrasekaran, G., Nguyen, T. N., & Hemanth D., J. (2021). Multimodal sentimental analysis for
social media applications: A comprehensive review. WIREs Data Mining and Knowledge
Discovery, 11(5), e1415. https://doi.org/10.1002/widm.1415

Cheng, T., Han, B., & Liu, Y. (2023). Exploring public sentiment and vaccination uptake of
COVID-19 vaccines in England: A spatiotemporal and sociodemographic analysis of Twitter
data. Frontiers in Public Health, 11, 1193750. https://doi.org/10.3389/fpubh.2023.1193750

Chouliaraki, L. (2006). The spectatorship of suffering (Online-Ausg). SAGE.

Chungiong, W., Shan, J., Jianhong, S., & Yingqi, L. (2025). Impact of YouTube User-Generated
Content on News Dissemination and Youth Information Reception. Health Expectations,
28(5), €70408. https://doi.org/10.1111/hex.70408

Cohen, J. (2006). Audience Identification With Media Characters. In Psychology of Entertainment.
Routledge. https://www.taylorfrancis.com/chapters/edit/10.4324/9780203873694-

13/audience-identification-media-characters-jonathan-cohen

Cohen, J., & Holbert, R. L. (2021). Assessing the Predictive Value of Parasocial Relationship
Intensity in a Political Context. Communication Research, 48(4), 501-526.
https://doi.org/10.1177/0093650218759446

Cohen, J., & Perse, E. M. (2003, May). Different strokes for different folks: An empirical search
for different modes of viewer-character relationships. Annual Meeting of the International
Communication Association.

Coviello, L., Sohn, Y., Kramer, A. D. I., Marlow, C., Franceschetti, M., Christakis, N. A., & Fowler,
J. H. (2014). Detecting Emotional Contagion in Massive Social Networks. PLoS ONE, 9(3),
€90315. https://doi.org/10.1371/journal.pone.0090315

Diantoro, K., Soderi, A., Rohman, A., & Sitorus, A. T. (2023). Sentiment Analysis of Public
Opinion on the 2024 Presidential Election in Indonesia Using Twitter Data with the K-NN
Method.  Digitus:  Journal of Computer Science Applications, 1(1), 1-10.
https://doi.org/10.61978/digitus.v1il.27

Dibble, J. L., Hartmann, T., & Rosaen, S. F. (2016). Parasocial Interaction and Parasocial
Relationship: Conceptual Clarification and a Critical Assessment of Measures: Parasocial
Interaction and Parasocial Relationship. Human Communication Research, 42(1), 21-44.
https://doi.org/10.1111/hcre.12063

El Alaoui, 1., Gahi, Y., Messoussi, R., Chaabi, Y., Todoskoff, A., & Kobi, A. (2018). A novel
adaptable approach for sentiment analysis on big social data. Journal of Big Data, 5(1), 12.
https://doi.org/10.1186/s40537-018-0120-0

Abdullah, et al. (When Newsroom Tears Go Viral: A Sentiment Analysis of Public Response to Media Layoffs in
Indonesia)



ISSN 2988-5523 Proceeding Jogjakarta Communication Conference 706
Volume 4, No 1, pp. 692-710

Enli, G, Raats, T., Syvertsen, T., & Donders, K. (2019). Media policy for private media in the age
of digital platforms. European Journal of Communication, 34(4), 395-4009.
https://doi.org/10.1177/0267323119861512

Enli, G., & Syvertsen, T. (2016). The End of Television—Again! How TV Is Still Influenced by
Cultural Factors in the Age of Digital Intermediaries. Media and Communication, 4(3), 142—
153. https://doi.org/10.17645/mac.v413.547

Eyal, K., & Cohen, J. (2006). When Good Friends Say Goodbye: A Parasocial Breakup Study.
Journal of Broadcasting & Electronic Media, 50(3), 502-523.
https://doi.org/10.1207/s15506878jobem5003 9

Fauziah, A., & Fikri, C. (2025). Indonesia’s Media Hit by Layoffs, Ad Slump, and Rise of Fast
Journalism. Jakarta Globe. Jakarta Globe. https://jakartaglobe.id/news/indonesias-media-hit-
by-layoffs-ad-slump-and-rise-of-fast-journalism

Ferrara, E., & Yang, Z. (2015). Measuring Emotional Contagion in Social Media. PLOS ONE,
10(11), €0142390. https://doi.org/10.1371/journal.pone.0142390

Gabriel, S., Paravati, E., Green, M. C., & Flomsbee, J. (2018). From Apprentice to President: The
Role of Parasocial Connection in the Election of Donald Trump. Social Psychological and
Personality Science, 9(3), 299-307. https://doi.org/10.1177/1948550617722835

George, A. S., & Baskar, T. (2024). Leveraging Big Data and Sentiment Analysis for Actionable
Insights: A  Review of Data  Mining  Approaches  for  Social Media.
https://doi.org/10.5281/ZENODQ.13623776

Gerlitz, C., & Rieder, B. (2013). Mining One Percent of Twitter: Collections, Baselines, Sampling.
M/C Journal, 16(2). https://doi.org/10.5204/mc;j.620

Giles, D. C. (2002). Parasocial Interaction: A Review of the Literature and a Model for Future
Research. Media Psychology, 4(3), 279-305.
https://doi.org/10.1207/S1532785XMEP0403 04

Google Colab. (2026). Web Scraping Tutorial. Google Colab.
https://colab.research.google.com/github/nestauk/im-tutorials/blob/3-ysi-
tutorial/notebooks/Web-Scraping/Web%20Scraping%20Tutorial.ipynb#scroll To=d9n40-
WsFmvk

Google for Developers. (2026). YouTube Data API Overview Google for Developers. Google for
Developers. https://developers.google.com/youtube/v3/getting-started

Gregg, P. B. (2018). Parasocial Breakup and Twitter: The Firing of Barb Abney. Journal of
Broadcasting & Electronic Media, 62(1), 38-50.
https://doi.org/10.1080/08838151.2017.1402900

Hajiali, M. (2020). Big data and sentiment analysis: A comprehensive and systematic literature
review. Concurrency and Computation: Practice and Experience, 32(14), e5671.
https://doi.org/10.1002/cpe.5671

Horton, D., & Richard Wohl, R. (1956). Mass Communication and Para-Social Interaction:
Observations on Intimacy at a  Distance.  Psychiatry, 19(3), 215-229.
https://doi.org/10.1080/00332747.1956.11023049

Houston, J. B., Schraedley, M. K., Worley, M. E., Reed, K., & Saidi, J. (2019). Disaster journalism:
Fostering citizen and community disaster mitigation, preparedness, response, recovery, and

Abdullah, et al. (When Newsroom Tears Go Viral: A Sentiment Analysis of Public Response to Media Layoffs in
Indonesia)



ISSN 2988-5523 Proceeding Jogjakarta Communication Conference 707
Volume 4, No 1, pp. 692-710

resilience across the disaster cycle. Disasters, 43(3), 591-611.
https://doi.org/10.1111/disa.12352

IFJ. (2020, July 10). Indonesia: Online media disregards Indonesian Labour law in layoffs.

International Federation of Journalists. https://www.ifj.org/media-
centre/news/detail/article/indonesia-online-media-disregards-indonesian-labour-law-in-
layoffs

Indra, R. (2025). Journalist groups urge stronger protections after mass layoffs—Society. The
Jakarta Post. The Jakarta Post.
https://www.thejakartapost.com/indonesia/2025/05/07/journalist-groups-urge-stronger-
protections-after-mass-layoffs.html

Jayus, J., Abdullah, A., Mustafa, M., & Sumaiyah, S. (2025). YouTube, Public Discourse, and the
‘Makan Siang Gratis’ Program: An Analysis of Toxicity Comments on the Liputan6 Channel.
Proceeding Jogjakarta Communication Conference, 3(1). https://jcc-
indonesia.id/proceeding/index.php/jcc/article/view/383

Johnson, T. J., & Lee, T. (2023). Social Media and Political Participation. In Z. Yan (Ed.), The
Cambridge Handbook of Cyber Behavior. Cambridge Handbooks in Psychology. Cambridge
University Press.

Kholili, M., Izudin, A., & Hakim, M. L. (2024). Islamic proselytizing in digital religion in Indonesia:
The challenges of broadcasting regulation. Cogent Social Sciences, 10(1), 2357460.
https://doi.org/10.1080/23311886.2024.2357460

Kumar, A., & Agrawal, R. (2026). Understanding Viewer Emotions Through Text Analysis: A
Machine Learning Perspective. In G.-N. Nguyen, A. Swaroop, & P. Shukla (Eds.),
Proceedings of Fifth International Conference on Computing and Communication Networks
(Vol. 1773, pp. 408—417). Springer Nature Switzerland. https://doi.org/10.1007/978-3-032-
14197-2 36

Lee, H.-H., & T. N. Nguyen, M. (2023a). Topic Modelling and Sentiment Analysis on YouTube
Sustainable  Fashion = Comments. Journal of New  Media, 5(1), 65-80.
https://doi.org/10.32604/jnm.2023.045792

Lee, H.-H., & T. N. Nguyen, M. (2023b). Topic Modelling and Sentiment Analysis on YouTube
Sustainable  Fashion = Comments. Journal of New  Media, 5(1), 65-80.
https://doi.org/10.32604/jnm.2023.045792

Li, T., Lin, L., Choi, M., Fu, K., Gong, S., & Wang, J. (2018). YouTube AV 50K: An Annotated
Corpus for Comments in Autonomous Vehicles. 2018 International Joint Symposium on
Artificial  Intelligence and  Natural Language  Processing  (iSAI-NLP), 1-5.
https://doi.org/10.1109/iSAI-NLP.2018.8692799

Liebers, N., & Schramm, H. (2025). Parasocial Interactions and Relationships with Media
Characters—An Inventory of 60 Years of Research. Communication Research Trends, 38(2).
https://scholarcommons.scu.edu/crt/vol38/iss2/1

Liu, B. (2020). Sentiment analysis: Mining opinions, sentiments, and emotions (Second edition).
Cambridge university press.

Lu, D., & Hong, D. (2022). Emotional Contagion: Research on the Influencing Factors of Social
Media Users’ Negative Emotional Communication During the COVID-19 Pandemic.
Frontiers in Psychology, 13, 931835, https://doi.org/10.3389/fpsyg.2022.931835

Abdullah, et al. (When Newsroom Tears Go Viral: A Sentiment Analysis of Public Response to Media Layoffs in
Indonesia)



ISSN 2988-5523 Proceeding Jogjakarta Communication Conference 708
Volume 4, No 1, pp. 692-710

Marwick, A., & Boyd, D. (2011). To See and Be Seen: Celebrity Practice on Twitter. Convergence:
The International Journal of Research into New Media Technologies, 17(2), 139—158.
https://doi.org/10.1177/1354856510394539

Moloney, G. K., Tuke, J., Dal Grande, E., Nielsen, T., & Chaber, A.-L. (2021). Is YouTube
promoting the exotic pet trade? Analysis of the global public perception of popular YouTube
videos featuring threatened exotic animals. PLOS ONE, 16(4), ¢0235451.
https://doi.org/10.1371/journal.pone.0235451

Mustakim, Fauzi, M. Z., Mustafa, Abdullah, A., & Rohayati. (2021). Clustering of Public Opinion
on Natural Disasters in Indonesia Using DBSCAN and K-Medoids Algorithms. Journal of
Physics: ~ Conference  Series,  1783(1), 012016.  https://doi.org/10.1088/1742-
6596/1783/1/012016

Nabhas, N., Swetha, P., & Nandakumar, R. (2024). Classifiers for Sentiment Analysis of YouTube
Comments: A Comparative Study. In E. S. Gopi & P. Maheswaran (Eds.), Proceedings of the
International Conference on Machine Learning, Deep Learning and Computational
Intelligence for Wireless Communication (pp. 443-451). Springer Nature Switzerland.
https://doi.org/10.1007/978-3-031-47942-7 38

Papacharissi, Z. (2015). Affective publics: Sentiment, technology, and politics. Oxford University
Press. https://doi.org/10.1093/acprof:0s0/9780199999736.001.0001

Pecheranskyi, 1., Humeniuk, T., Shvets, N., Holovkova, M., & Sibiriakova, O. (2023). Transmedia
discourse in the digital age: Exploring radical intertextuality, audiovisual hybridization, and
the “aporia” of homo medialis. Research Journal in Advanced Humanities, 4(2).
https://doi.org/10.58256/rjah.v4i2.1111

Puspa, A. (2024). Banyak Perusahaan Media yang PHK Karyawan, Pekerja Harus Berserikat.
Media Indonesia. Media Indonesia. https://mediaindonesia.com/humaniora/713968/banyak-
perusahaan-media-yang-phk-karyawan-pekerja-harus-berserikat

Qi, Y., & Shabrina, Z. (2023). Sentiment analysis using Twitter data: A comparative application of
lexicon- and machine-learning-based approach. Social Network Analysis and Mining, 13(1),
31. https://doi.org/10.1007/s13278-023-01030-x

Ravi, N., & Patki, S. M. (2025). Parasocial relationships, social support and well-being: A mixed-
methods study among Indian youth. International Journal of Adolescence and Youth, 30(1),
2480712. https://doi.org/10.1080/02673843.2025.2480712

Razali, N. A. M., Malizan, N. A., Hasbullah, N. A., Wook, M., Zainuddin, N. M., Ishak, K. K.,
Ramli, S., & Sukardi, S. (2021). Opinion mining for national security: Techniques, domain
applications, challenges and research opportunities. Journal of Big Data, 8(1), 150.
https://doi.org/10.1186/s40537-021-00536-5

Ribeiro, F. N., Araujo, M., Gongalves, P., André Gongalves, M., & Benevenuto, F. (2016).
SentiBench—A benchmark comparison of state-of-the-practice sentiment analysis methods.
EPJ Data Science, 5(1), 23. https://doi.org/10.1140/epjds/s13688-016-0085-1

Rubin, A. M., Perse, E. M., & Powell, R. A. (1985). LONELINESS, PARASOCIAL
INTERACTION, AND LOCAL TELEVISION NEWS VIEWING. Human Communication
Research, 12(2), 155-180. https://doi.org/10.1111/j.1468-2958.1985.tb00071.x

Abdullah, et al. (When Newsroom Tears Go Viral: A Sentiment Analysis of Public Response to Media Layoffs in
Indonesia)



ISSN 2988-5523 Proceeding Jogjakarta Communication Conference 709
Volume 4, No 1, pp. 692-710

Rubin, R. B., & McHugh, M. P. (1987). Development of parasocial interaction relationships.
Journal of  Broadcasting & Electronic Media, 31(3), 279-292.
https://doi.org/10.1080/08838158709386664

Sahut, J.-M., Schweizer, D., & Peris-Ortiz, M. (2022). Technological forecasting and social change
introduction to the VSI technological innovations to ensure confidence in the digital world.
Technological Forecasting and Social Change, 179, 121680.
https://doi.org/10.1016/j.techfore.2022.121680

Saifullah, S., Fauziah, Y., & Aribowo, A. S. (2021). Comparison of Machine Learning for Sentiment
Analysis in Detecting Anxiety Based on Social Media Data.
https://doi.org/10.48550/ARXIV.2101.06353

Subaharianto, A. (2025). PHK di Industri Media dan Lanskap Media yang Berubah.
KOMPAS.Com.  https://nasional.kompas.com/read/2025/05/05/13311271/phk-di-industri-
media-dan-lanskap-media-yang-berubah?page=all

Sui, X. (2022). Measurement and Sentiment Analysis of YouTube Video Comments [University
Digital Conservancy]. https://hdl.handle.net/11299/252495

Sukma, E. A., Hidayanto, A. N., Pandesenda, A. 1., Yahya, A. N., Widharto, P., & Rahardja, U.
(2020). Sentiment Analysis of the New Indonesian Government Policy (Omnibus Law) on
Social Media Twitter. 2020 International Conference on Informatics, Multimedia, Cyber and
Information System (ICIMCIS), 153-158.
https://doi.org/10.1109/ICIMCIS51567.2020.9354287

Sukmayadi, V. (2019). The Dynamics of Media Landscape and Media Policy in Indonesia. A4sia
Pacific Media Educator, 29(1), 58—67. https://doi.org/10.1177/1326365X19844853

Sumaiyah, S., Abdullah, A., Jayus, J., Yazid, Y., Astuti, D. S., Khairi, A., & Edison, E. (2025).
Building Hope in Crisis: Global Public Service Broadcaster Innovation During the Covid-19
Pandemic. ARISTO, 13(1), 128—154. https://doi.org/10.24269/ars.v13i1.9004

Surana, P., Vispute, S., Kalbhor, M., Vairagar, S., Ugale, P., Syeda, 1., Yakumsha, M., &
Suryawanshi, A. (2026). Opinion Mining of YouTube Video Comments Using Machine
Learning and Deep Learning. In S. Fong, N. Dey, & A. Joshi (Eds.), ICT Analysis and
Applications  (Vol. 1653, pp. 137-149).  Springer  Nature  Switzerland.
https://doi.org/10.1007/978-3-032-06694-7 13

Tapsell, R. (2015). Platform convergence in Indonesia: Challenges and opportunities for media
freedom. Convergence: The International Journal of Research into New Media Technologies,
21(2), 182-197. https://doi.org/10.1177/1354856514531527

Thakkar, H., & Patel, D. (2015). Approaches for Sentiment Analysis on Twitter: A State-of-Art study
(Version 1). arXiv. https://doi.org/10.48550/ARXIV.1512.01043

Vazquez-Barrio, T., Torrecillas-Lacave, T., & Suarez-Alvarez, R. (2021). Percepcion sobre la
television en el ecosistema audiovisual de la convergencia digital. El Profesional de La
Informacion, €290640. https://doi.org/10.3145/epi.2020.nov.40

Widyatama, R., Ananda, V., & Wiratmo, L. B. (2025). The Threat of Virality Manipulation in Social
Media towards Deliberative Democracy. Jurnal The Messenger, 16(2), 82-101.
https://doi.org/10.26623/themessenger.v16i2.7317

Abdullah, et al. (When Newsroom Tears Go Viral: A Sentiment Analysis of Public Response to Media Layoffs in
Indonesia)



ISSN 2988-5523 Proceeding Jogjakarta Communication Conference 710
Volume 4, No 1, pp. 692-710

Wilkie, D. C. H., Lipnickas, G., & Pham, N. T. A. (2026). Emotional contagion on social media:
Pathways, effects, and insights for marketers. Journal of Marketing Management, 42(1-2),
57-90. https://doi.org/10.1080/0267257X.2025.2570739

Wodak, R. (2009). The Discourse of Politics in Action. Palgrave Macmillan UK.
https://doi.org/10.1057/9780230316539

Wollmer, M., Weninger, F., Knaup, T., Schuller, B., Sun, C., Sagae, K., & Morency, L.-P. (2013).
YouTube Movie Reviews: Sentiment Analysis in an Audio-Visual Context. /EEE Intelligent
Systems, 28(3), 46-53. https://doi.org/10.1109/M1S.2013.34

Xu, Y., Vanden Abeele, M., Hou, M., & Antheunis, M. (2023). Do parasocial relationships with
micro- and mainstream celebrities differ? An empirical study testing four attributes of the
parasocial relationship. Celebrity Studies, 14(3), 366-386.
https://doi.org/10.1080/19392397.2021.2006730

Yessenbekova, U. M. (2018). Television in the Development of Information Society Culture in
Kazakhstan. Media Watch, 9(3). https://doi.org/10.15655/mw/2018/v9i3/49498

Yu, L., & Yang, L. (2024). News media in crisis: A sentiment and emotion analysis of US news
articles on unemployment in the COVID-19 pandemic. Humanities and Social Sciences
Communications, 11(1), 854. https://doi.org/10.1057/s41599-024-03225-9

Abdullah, et al. (When Newsroom Tears Go Viral: A Sentiment Analysis of Public Response to Media Layoffs in
Indonesia)



	1. Introduction
	2. Method
	3. Result and Discussion
	3.1. Distribution of Public Sentiment towards Presenter Farewell Video
	3.2. KompasTV Presenter and Netizens, Emotional Response
	3.3. Dominant Keywords in Positive and Negative Comments
	3.4. Comment Time Distribution and Interaction Peaks
	3.5. Heatmap Correlation Between Words and Discourse Patterns
	3.6. Social Implications of Public Reaction to Media Layoffs
	3.7. Public Discourse Mapping: Scatter Comment Plots Based on Sentiment

	4. Conclusion
	5. References

